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We know its formulation,
so we can sample from it.

IJtI: EBARIRHRIDA—MER2, NMESHEAERERE (RNEERANREREREN
g8) — BLESEE—ERelEN.

Fo Rk
BAREz, BHHE). XEE2—SE0EEHE, ERERE— SHEERY)

Complex
Distribution

#AlE%: MABG, Bid—MrE ((FoueEHE)
GANRUBIRR . FI 92l FERHET D, WmEARAERESSEL

<
VRS
WIIEREA:
stepl: BEIEARES, EFPinles (ERDIIER)



step2: EIEH#HIRE, BHFEREE (R, 1L4wEssATMLHOEES)

hidden layer

TNF]

-

vector

large network
EF— 1M EXRINBEN, REmises)l4s
step3: AEFESstep1F12
Y
Sample' some i tcl. Update
real objects:

Generate some )
fake objects:

Learning
D
Learning
G

AP S
ZORERRER 91 Petl Pt IIEBER BivE/N (PeM P DHER) G =
arg ming Div(Pg, Pata). BRORRNTES R ERNEREGEBNSHER.




P
Normal

Distribution

q q
as close as p055|ble

o oo Do

G* = arg min Div(Pg, Pygtq)

Divergence between distributions P; and Pj4¢q
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JS divergence is always log2 if two distributions do not overlap.
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Equally bad\
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There are many possible “moving plans”.
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Without the constraint, the

training of D will not converge.
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as close as possible
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