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Feature Normalization
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Considering Deep Learning
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Batch normalization o

U and o ‘ l
depends on z*

RRt, RS R—EF Ebatch, AN R BIEEbatchiiT &S5, ol AL
K, BBARATARIFO8ERL = pi + (1 — p)p!

zZ Wi
o

Z = \a\
}.l U, o are from batch? H




